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Realtime Multi-person 2D Pose
estimation using Part Affinity Fields
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Jointly Learning Parts Detection and Parts Association

Input Image




Simultaneous Detection and Association
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) Simultaneous Detection and Association
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Confidence Maps for Part Detection
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”’y Confidence Maps for Part Detection
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% Part Affinity Field for Part Association
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| Part Affinity Field for Part Association
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| Part Affinity Field for Part Association
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Multi-Person Parsing using PAFs
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Figure 6. Graph matching. (a) Original image with part detections
(b) K -partite graph (c) Tree structure (d) A set of bipartite graphs
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Multi-Person Parsing using PAFs
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Multi-Person Parsing using PAFs

IE —pESFFEE

Ex A UGHD?
U : £ e , — [C&] (matching ) E—MIES |, HRISHSMEEE L
HTRE, 0, & 3. B4 PEIRREaE 2 fOItE. == YTy

Fig.] : B e — " EEgA:

O—@ gvg gvg gvg g /g PR A S — 4.
OO0 F D F I F Do Ny Bl Fsr ey

N BEHIE, AEE”
) (& & (&) (8) (& (8) (4 O

Fig.2 Fig.3 Fig

= las T |t vay TN E S U TVl
)y IOALS. UOASh. KIURA. JEUUASh  SHIMA VISR, FInE 3+ 1, HYSHD 3L HRRD A,
4. 5, 7 AEERR ., Eflﬂ]@ﬁ?aiﬁ@&%%",; 1-5. ﬁ-??ﬂlﬁ%ﬂiﬁg : Efmiﬁ'_ﬂf!aﬂEE\mﬁ - i%.iiﬂ%i&?ﬂéi% f_ftﬁ
ggﬁﬁ.‘ L N ASKITEENE , RORE e, UOESS. JEUCED. A B R Ar S St 88 PR R AR
B T e A AR (e ) PURCRe, 3RAZIE S ERAY,
ig’:‘—%ﬁnéﬁaﬁijaiﬁr i 1(“agurnrent::f13 patrh ) - ﬁd{ﬂ?@;qﬂﬁ’ﬂ—%ﬁrﬁaﬂn%fiﬁﬁﬁ r(@ IRBIEATLA (XA
PRSI AR ) BEE) . FFEELE
Fig.6 BIXAMEY,

02040505040



y SN, DINFE NS B R

N\ (YN @ EES/NSEASHIREAESSIERMIEEE, T

s FEFERTENER (Fig.bc) (REEBPXES
B3 )

© @ @ EINE RIS R A—E D ECERNFEER, iy

Figure 6. Graph matching. (a) Original image with part detections

(b) K -partite graph (c) Tree structure (d) A set of bipartite graphs Eﬁfﬁﬂﬁ@ﬁi‘j _'ﬁ,l'\'—"_l\ﬂ’ﬂ MUYy (Fig.6d) (/-5_:}}"(;-\% ,'E,\_/l\
, o . RIS
Bt BEIZ ATBRIENIRER , BX
D, = {d}”:forj e{1..)}mef1 ...Nj}} BT

» . » . M— MBS, e
NR—ETTREAIONE | 4" € RPRBSUERNEM AR, s, BERNIE, B

YR € (01, BT XIS, B A ATRIR RSB S
1J2 /:Ut:_iﬂo

Z={z":forji,j2€ {1..J},m € {1..Njj},n € {1..Njz}}



Multi-Person Parsing using PAFs
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